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How to build a real-life theory
of change from your
interviews using Al:

a Causal Map 4 training
session

Press the spacebar to move on




The team

Steve Powell, Co-founder and Director, Gabriele Caldas Cabral, Outreach
Causal Map Ltd Coordinator, Causal Map Ltd

What we will do today: explain what is causal mapping and how to do it with Al, turning
your text data into a theory of change, and learn to question it. About 90 minutes, with
plenty of room for your questions!
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You have a stack of interviews




Somewhere in there is your
answer

Interviews. Reports. Open survey answers. Pages of people telling you what changed
and why.

Somewhere in there is the answer to your question . How do you get it out, in a way

you can StaRdIBEhING)’

: You have a stack of interviews -



Two tempting shortcuts, both bad

Hand it to the black box. €EIEED “"ChatGPT, what does this say?” Fast and fluent, but
you cannot see what it leaned on, so you cannot defend the answer.

Read it all yourself. €58 Thorough, but it does not scale. Three hundred
transcripts, and you still have to show your synthesis really reflects what people said.

There is (GlBEteRWaY

: You have a stack of interviews -



The plan for today

One route from your interviews to a theory of change you can defend:

e start from interviews, reports, open answers, any narrative data
e turn what people said into a map of causes and effects, with Al

e question that map until you have an answer

. does the patient clerical work. You make the judgements.

: You have a stack of interviews -
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Why causal mapping




What we do when we do causal
mapping

Researchers have been doing causal mapping for 50 years.

You read the text and mark each causal claim as a link from one factor to another.

“The training gave me confidence, and that is why | started the business.”

This becomes - — confidence — started a business, keeping the exact quote
and the source on every link.

Do that across all your interviews and the links join up into a map: _
-, built from what people actually said.



https://garden.causalmap.app/bibliography

Non-causal Qualitative Data Analysis (QDA) version 1:
code causality as a theme/tag/concept

Text and quote Theme / tag

Non-causal QDA version 2: code themes/tags/concepts,
with optional post-hoc connections between themes

Text and quote Theme / tag
(“the floods{destroyed aur erops” | [Fleads L — optional post-hoc
“the floods destroyed our crops” Crops destroyed connection

Causal QDA: code causal claims natively between pairs of codes

Text and quote “Cause” “Effect”
-:oods destroyed our crops___

Quote \ Cause Effect Source ID
The floods destroyed our crops Floods happened Crops destroyed A3

the chickens died too Floods happened Chickens died A3

Our harvest was ruined due to the high water Floods happened Crops destroyed A4




We code claims, not facts

A link means: this person says X influenced Y.

Maybe X really did influence Y @&ygs), CETIEED.

Twenty people saying so is - It is evidence you can now weigh. Turning that
evidence into a conclusion is ~and we come back to it later.




You don’t need a special app

Code it - NVivo, Dedoose, any CAQDAS Tabulate it - Excel, Sheets
"The - gave me confidence, and that's Cause Effect
o8l started a business ¥

Map it - Kumu, draw.io, any graphing app

training confidence
confidence started a business confidence
cash grant more cash ‘

started a business

Anyone can do causal mapping. It is a method, not an app.
Code your text,
list each claim as cause and effect with its quote,

then draw the map, all in tools you already know.




A combined app

. Causal Map Npangejee 2- 0 BHGuide @ Help
i~ L]
vl
example-original 7. @ caans®
elect source: x (7] ‘ metly 20 Commundy works
) together (14)
£ Createlinks | ¥
. -
Interview © IR - ) g
E
Code with Al °9 - E—
AIGUING. TTIELS GUO. RSy GUOU. e — U GOWT
on the noise. And the stress. A lot of StTess. When they're Just focused like o
that. and I'm not losing my mind. | guess | feel like... okay. I'm doing
alright. Being a dad.
And. uh. sometimes... if | get like. a bit of quiet time. After they're in bed.
Just to like, mess around with something. My old soldering iron. Or trying
to fix that radio. Something hands-on. Like my job. but... different. Not for
work. Just for me. That calms me down. Helps me just... think. Clear my
head. Yeah. After that. I'm usually less of a grumpy git the next day. Better
for everyone.
Map Legend v
Interviewer: Right. And what about the other side? What kind of stuff
.
makes you feel down or sad? -‘
Map Formatting o -
Mark: Oh, that. Easy. The mess. Just the sheer volume of it. Sarah’s late
back. I've had a long day on-site, and you walk in and it's like... toys
everywhere. Half-eaten cereal. Laundry mountain. And the kids are Vignettes 0o -
immediately like. “Dad. I'm hungry!” or "Dad. my show!" That feeling. Just
everything at once. That's when | just get... so frustrated. And then | snap. o

/ Why causal mapping




Keep coding simple

We do not code:

People say "X made Y happen”. They rarely say how strongly. So we do not invent it.

(CodingWhat PeopIactually SAidiSSImpIEr, and that is exactly why Al can doit.
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Why use Al for causal mapping



Al as a clerk, not an oracle

_ find every causal claim, attach a quote. Tireless, exhaustive, cheap.

Your job: decide the question, check the work, judge what it all means.

Why use Al for causal mapping -
A ——



Built for scale

Humans get bored , and pay uneven attention. _

It codes every claim across hundreds of documents, and each one traces back to the
sentence it came from. So you capture everything cheaply and quickly.

Al Coding o A

One-click coding P One-click coding &)

Opens a short set-up, then auto-codes your sources. With several sources in
scope it also runs Revise codebook and Recode; with one source, those steps are
skipped. You can always run each step on its own below.

Background @ o v

Revise © m Revise codebook prompt must o .

codebook include [number] or [cluster_count]

Recode o v Why use Al for causal mapping -
| | A ——



Some recent projects

VIB, Brussels: 100 HR interviews on career trajectories

Gender gap in STEM, Chile: 32 student interviews

UK postdoc feedback: mid-career drivers and obstacles to learning

British Academy: Free-ranging interviews with former workshop participants
INTRAC: one causal map across a 13-country governance programme

Love Alliance: end-term evaluation across ten African countries

Why use Al for causal mapping -
A ——


https://garden.causalmap.app/INTRAC
https://garden.causalmap.app/love-alliance

educacion s
formal (7)

responsabilidades
laborales (13) J

discriminacion
de género (6) 3

DuocUC, Chile. 32 student interviews about gender in STEM, coded by Al into 251 links, with sentiment marked: blue for positive, red for negative.



37 " Civil society )
launches new
initiatives and

achieves
specific

\outcomes. (30) )

G2

[\

Partners . 2
implement m m
peace-building . Civil society
actions and Activists and. actors form
prOV|de direct 23 CSOS engage In coalitions and
support to s advocacy, .\ _ . gain influence
victims. (166) training, and . Authorities and docis - y
) YA ,, public =~ communities ecilonmaking
[\ ; “ mobilization. ~7 take concrete \ y
, Y 267 steps to
Security actors | \ o0 / ad dresps il
fake concrete : S« | viclations.
a— 49
improve local <~———""" \ (237) J 20 /22\
safety and T » ) .
access. (163) T Formal Reports and
. J e— partnerships Campalgﬂs dare
are forged and published,
institutional leading to

INTRAC needed the big picture from a programme across 13 countries. The Al coded 5,430 causal claims into an overall map and one per country, and drafted the

Why use Al for causal mapping

written analysis as a vignette.


https://garden.causalmap.app/INTRAC
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The workflow, three steps




Step 1: Start from the question

Before you touch the data, write down what you want to be able to say at the end ,
and to whom.

Every later choice follows from that one sentence: the data you gather, the labels you
use, the maps you make.

- The workflow, three steps -



Be realistic about what it can
answer

Good at @& Not for €D

which factors matter most o effect sizes

what drives or follows from a factor e proving X causes Y on its own
how groups differ

whether the evidence fits your theory of
change

Pick questions the method can serve.

- The workflow, three steps -



Step 2: Code the claims

You write a short instruction for the Al, like a chatbot prompt, and it codes the links for
you.

The golden rule: — see exactly where the output is wrong

or thin, fix the instruction, then scale up.

And one rule you never break: every link needs a quote. Without it you cannot show
your working.

- The workflow, three steps -



Step 3: Check the links

However careful the coding, _

If there are systematic errors, iterate the prompt until you are satisfied, then code the
whole dataset.

Check them again before you analyse.
e tag the doubtful or surprising ones, to filter later

e note how sure each source sounds
e note how reliable each source is

- The workflow, three steps -
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Using the Causal Map app




It's free!

... All core functionality is free; unlimited projects of unlimited size, for as long as you
want...

... If you don't mind other people viewing your maps.

All users get free Al credits every month.

You can switch off Al if you want.

You can choose a region for Al processing if you want.

You can get a subscription if you want private projects or extra features.

- Using the Causal Map app -
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Your map is a theory of change .
you can question

Your map is a theory of change you can question



A filter is a question

Your links are not a static report. They are — over and

over.

You ask a question by filtering. Women only. Everything downstream of training.
Stack the filters and you answer a bigger question. The same data gives very different
maps, each one just the result of a different question.

‘ Your map is a theory of change you can question -
y ]



Two everyday examples

_ Filter to that factor, look downstream. Out

comes a map of every reported consequence, with counts.

SNSRI RaIEANCIGISTERUSIORESa Sp!it the same map by group. The links

each group stresses light up differently.

‘ Your map is a theory of change you can question -
y ]



The transitivity trap

A pig farmer says the _ gave them _

A wheat farmer says _ let them buy more seed .

So _ lead to more seed ?
No.

Two people, two stories, (EiieheaINtOIONEhatNOBOAYIoId)

The safe move: keep only the
sources whose own account runs
all the way through.

‘ Your map is a theory of change you can question -
y ]



Step back and judge

Behind one tidy map there may still be hundreds of quotes . Does the claim hold up?
Do the links really belong to the same context?

The Al can draft a source-by-source commentary on each pathway, doing only what a

patient reader could. (féatitiasiairst drattand editit)

‘ Your map is a theory of change you can question -
y ]



app.causalmap.app

www.glocalevalweek.org

Your map is a theory of change you can question
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A real evaluation: the Love .
Alliance

A real evaluation: the Love Alliance



Key populations are healthy and empowered through inclusive people-centred SRHR

We build on past achievements

1. Capable, inclusive, 2. An end to sexval and
influential and mutually
supportive KP movements
in an unrestricted civic space

Help sustain and
strengthen work that

the collective achieves discrimination against KPs

L2. Civic space and freedoms of KPs and civil
society actors is preserved and expanded and
progress is made towards decriminalisation of
sex work, marginalised gender identities, same
sex relationships, HIV and the possession and
use of drugs.

L1. KP movements are
The advocacy of a capable, inclusive, influential
rebust KP movement: and mutually supportive.

3. Equal access to inclusive,

gender-_basc_;-d violence, Which creatos people-centred, accountable
stigmatisation and and sustains and integrated HIV and

comprehensive SRH services

L3. Key populations have access to
inclusive, non-judgemental, gender
sensitive people centred accountable and
comprehensive HIV and SRH services
that are adequately and sustainably
resourced.

M1. KP movernents have MZ. Policy makers and decision making LT3 M3. Reduce and challenge gender M. Governments and other
Diverse KP diverse leadership and bodies engage with and include KPs discrimination and stigmatisation of actors are accountable for their
movements: increasingly engage in within (inter) national fora, processes sexual orientation, gender identity commitments on SRHR and
policy making processes and the development of (inter) and expression and targeted at and HIV/AIDS to KP communities.
and decision making. national strategies and policy. experienced by key populations.
51. Diverse KP communities 52. KP mowvements collaborate
Diverse KP are organised and meaningfully strategically with each other and other

communities:

We use our collective lived experience, convening power and strong

1. Innovation 2. Mobilisation

inclusive and have strengthened relevant civil society actors.
their capacity to claim their
rights and freedoms.

3. The promotion 4, KPs’ increasingl

The official theory of change: a tidy ladder from strategies up to goals. Clear, communicable, fundable. But a ladder cannot draw a loop.

A real evaluation: the Love Alliance

Ouvur goals

Long-term
outcomes

Medium-term
outcomes

Short-term
outcomes




Too much data!

An end-term evaluation across ten African countries, with Southern Hemisphere.

We coded the narrative data for them.

1 76 documents: 79 country reports, 97 interview transcripts

zz'ooo causal claims, coded by Al

1 3' 75 6 kept for the maps

NA fanarm ~A1ilA hanA ~AAA fhat AanA c+avs Ffrach _

A real evaluation: the Love Alliance -
y ]




Key Populations (KPs) are Stlgrna and discrimination
empowered to advocate for agalnst Key Populations
their rights (111) (KPs) are reduoed (66)

[Key Populations (KPs) have

increased capamty {255)
I

Partner organisations
implement community X

32 training and capacity

building (226)
49 /
31 51
78 /
comanuniies advorsto Partner organisations oMot hetworking
hold convenings and implement advocacy a8 activities, collaborations
: : campaigns (107) A
influence policy (38) \ and build alliances (100)
/ 63

44 37

A map built from the interviews. The biggest factor, Love Alliance support for advocacy and capacity building, was cited 777 times. The story people told was “we built

each other up”, which no ladder predicted.




Populations (KPs) is communities advocate /
strengthened and more hold convenings and

resilient (33) influence policy (25)

AT \
/
// 10
’ Partner organisations / .
. . f Partner organisations
|mp_le_ment commumty 8 implement advocacy

training and capacity / 17
building (50) / campaigns (45)

|
12 \ I' /
[
20 %° | / " 28
\ '| /
Partner organisations
implement networking
activities, collaborations
__—|and build alliances (282)
//// /4’
g 30
/ 8
Key Populations (KPs) have
/ increased capacity (70)
8
\- /|
14

The movement of Key Key Population (KP) J

—_
—_

| 150 29 63

\ |

. |

37
"-\ Key Population (KPs) build
\

peer support and gain
autonomy (46)

l\\‘\. /

14

The movement-building view. Networking is the hub, with reinforcing circles: capacity feeds peer support feeds capacity; networking enables advocacy which feeds

more networking.

A real evaluation: the Love Alliance



Put a doubt to the data

Partway through, a fair worry surfaced: was the programme’s advocacy _
- against key populations?

Rather than trade impressions, we put the question to the data and traced it through

the 43 sources that raised it. _: the support

helped communities resist backlash, none named it as the cause.

“also helping to counter the backlash against women’s rights and LGBT rights”

Read the full Love Alliance case study

A real evaluation: the Love Alliance -
y ]


https://garden.causalmap.app/love-alliance
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So what




The whole thing in one line

Code “X influenced Y, with a quote” . Capture everything, capture cheaply, let Al do it.
Then (judgesinithelopen).

This is not statistical proof. It is a disciplined way to assemble evidence, weigh it

transparently, and ([EACRIBICONCIUSIONYOUCANISEaNAIBERING)




Quwalialnterviews

Need the data first?

No interviews yet? Qualialnterviews can gather them. It runs a chat interview that asks
people what changed and why, follows up in their own words, in any language.

The answers come back as narrative text, ready to code into a map.




Come and try it

This is how we work at Causal Map Ltd, every day.

If you want to go from a stack of interviews to a theory of change you can defend, come

and try it with us at (@ppiCAUSAImap:app.




Resources

hello@causalmap.app

App, free for public projects
app.causalmap.app

Knowledge garden
garden.causalmap.app

Powell and Cabral (2025) Al-assisted causal mapping:
a validation study. [JSRM.

Powell, Cabral and Mishan (2025) A workflow for
collecting and understanding stories at scale.
Evaluation.

Powell, Copestake and Remnant (2024) ¢
mapping for evaluators. Evglugtion.



https://app.causalmap.app/
https://garden.causalmap.app/

